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Research on Ore and Rock Image Segmentation Algorithm Based on Improved Mask-RCNN Model

BMETR, HE P R, ATyt A T, A MR ER 017300)

W OE. R Bk ERRNR R, 4%4{,};%5)}&7"&%{{1’7 FEEI AR, MR E RN RERZ AR 53 A1
A RAFAEAT B T B GAT SR B B LA E P ERERAFHES N T ERA, HAN T 2 AR S FikE T
A TRAE G Xk kB "”’%fvri-‘?% FRBARF B Fa, A LIRMERERANGERE R, R B —
2t 49 Mask-RCNN &7 % BB AL | oy S48 0k A& s AR A7 34 2 0 Men AR, ok B 48 4F 4 Mask-RCNN #9235 & 4 & 5 3
A BT B SE, EEES A OTSU, Canny 2 %4 Hik A0k A B & K AR LA £4569 4t 5 Unet 5L
AR EARES B EREATRT ,BET Unet (9B F B, FHEREAN AZSHERR S F LT Wb
K IAEIF 3T LI R IR A — R 6 LA & L

KW R E ST, WL gk ; Mask-RCNN; B4 54, ﬁ&)ﬁ‘lﬂ%‘]

&4 &S . TD8S3 MNHEAFRERD: A XERS: 1672-609X(2025)06-0070-06

Abstract : In blasting engineering, the blasting lumps size are the key index to evaluate blasting effect and optimize blasting parameters.
The key to the blasting lumps size recognition is to fully extract the effective feature information of complex rock image, and then
accurately segment the image. The serious stacking between ore and rock is the main reason for the inability of accurate segmentation.
The traditional image segmentation algorithms are usually based on threshold, edge detection and so on. These methods have the defects
of poor accuracy, weak robustness and low practicability. Combined with the actual needs of mine blasting pile block recognition, an
improved mask RCNN ore rock segmentation model is proposed. The noise reduction image of the protected edge is generated by
bilateral filtering, and the noise reduction image is used as the data set of mask RCNN to generate a learning model for ore rock
segmentation. Compared with the traditional OTSU and Canny edge detection algorithms, this algorithm has high accuracy, strong
practicability and better robustness; Compared with UNET algorithm, it solves the local segmentation defect of UNET on the premise of
ensuring the segmentation accuracy. The experimental results show that the pixel difference curves of manual segmentation and model
segmentation fit well, which has a certain engineering significance for the identification of the blasting lumps size recognition.
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